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Abstract

The market is currently overflowing with internet-based services due to the internet's growing
popularity, with digital transactions standing out as one of the most crucial ones. This study is
based on the literature available on the theory of planned behavior (TPB). The research aims to
investigate the correlation between perceived usefulness, perceived ease of use, and trust, as well
as the factors that influence users' behavioral intention to use digital transactions. The objective
of the study is to examine the role of perceived usefulness, perceived ease of use, and trust in the
technology adoption model. We collected data from the northern part of India, specifically the
Delhi NCR Region, to investigate consumer buying behavior. We used convenience sampling and
collected data through a structured questionnaire, with a sample size of 200 individuals from
Northern India and the Delhi NCR region. We used SmartPLS-4 to test our hypotheses.
Therefore, to address the research question, we conducted a study among digital transaction
users. The findings for the total sample demonstrated that behavioral intention and consumer
buying behavior were favorably and significantly influenced by perceived usefulness, perceived
ease of use, and trust. The findings of this study may be useful for fintech companies, banking
institutions, payment gateways, governments, marketers, policymakers, and professional
associates to create and design user-friendly technological innovations, policy guidelines, and
frameworks to boost digital payments

Keywords: Digital transactions; Perceived usefulness, Perceived ease of use, Trust; Behavioural
intention; Consumer buying behaviour; Theory of planned behaviour.

Introduction

Over time, the arrival of technology has had a significant impact on our world. Technology has a
large and quick impact on every aspect of human existence. Technology has permitted the creation
of remarkable tools and resources, giving everyone simple access to essential information. The
internet has revolutionized business operations. Within 48 hours, you can have an Amazon delivery
delivered to your door by merely clicking a button. Consumers also like the convenience of having
access to a range of brands at any time of day, seven days a week. As a result, businesses are now
attempting to interact with, reply to, and connect with their consumers as quickly as possible, as well
as create tactics to efficiently resolve consumer complaints. The rise of digital transactions has forced
merchants and manufacturers to reinvent their business strategies in unexpected ways. You can easily
calculate your return on investment (ROI) using digital transactions (Rahman et al., 2024).The use of
digital transactions in India has grown gradually over time. The Indian government's implementation
of policies such as demonetization and the Digital India program has led to an increase in digital
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activity. The Indian government's fundamental goal is to encourage the use of digital transaction
systems so that all Indian residents can conduct secure, efficient, easy, cost-effective, and enjoyable
digital transactions. The broad development of cell phones and the internet, as well as the availability
of inexpensive internet bandwidth, have all aided the move to digital transactions, as have government
measures. The practice of initiating and receiving financial transactions via the internet is known as
digital transactions (Purnama et al., 2021; Gupta and Singh, 2023).In April 2024, the global number
of internet users reached 5.44 billion, accounting for 67.1 percent of the world's population. Currently,
India has an incredible internet population of around 820 million. More than half of the country's 442
million people live in rural areas. The growth of digital devices, such as smartphones, tablets, and
laptops, as well as the emergence of the internet, has transformed the area of digital transactions. We
expect the sector of digital transactions to continue its rapid growth in the future. India's logged
around 131 billion Unified Payments Interface (UPI) transactions worth (1200 trillion in fiscal year
2024. In FY23, the National Payments Corporation of India (NPCI), which administers UPI, claimed
that the platform completed around 83.7 crore transactions worth (1139 trillion. Digital transactions,
like Internet banking, can enhance the ease, speed, and efficiency of financial operations. Individuals
appreciate these sorts of digital transactions since they are quick and simple. This category includes
technology such as QR code scanning, electronic purses, and payment systems. An increasing number
of countries have implemented digital transactions, resulting in a plethora of different digital
transaction choices to meet consumers' everyday expectations (Kamate and Kumar, 2024).The
introduction of digital transactions altered the global economy by increasing efficiency, speed, and
convenience. Technological improvements have enhanced the convenience and efficacy of online
shopping, influencing people’s purchase patterns. Ideas like innovation diffusion, planned behavior,
technology acceptance models (TAMSs), and reasoned action theories (TRA) describe how individuals
embrace new technologies. The Theory of Reasoned Action (TRA) states that motive drives conduct
(Aisyah and Ali, 2023). Fishbein and Ajzen (1975) asserted that their morals and emotions shape this
objective,not the action itself. The Technology Acceptance Model (TAM) states that consumers assess
new technology based on ease of use and utility.Davis's (1989) ground breaking research
comprehends how individuals adopt new technology. The TAM model has two main parts: perceived
usefulness and ease of usage. Potential users perceive the usefulness of emerging technologies in
assisting them in achieving their objectives, like boosting sales and customer base for businesses, and
they find these technologies easy to use and implement. Prior studies have indicated that the
installation of technology is preceded by the realization of significant advantages, such as increased
productivity and job performance (Escobar and Rodriguez, 2013; Donthu and Gustafsson, 2020). This
study aims to examine the influence of perceived usefulness, perceived ease of use, and trust elements
on consumers' behavioral intentions, adoption of digital transactions, and their subsequent impact on
consumer buying behavior.

2.0 Literature Review

The literature examined the factors that influence Indian consumers' digital transaction behavior. It
proposes a conceptual model using the Technology Acceptance Model (TAM). The introduction of
digital transactions is dramatically changing the business landscape (Yuen et al., 2010). Bhatti and
Saad (2018). Some small and medium-sized businesses in India are using digital transactions to boost
their competitiveness. Mobile payment applications remain underutilized despite substantial
advances in mobile technology. On a global scale, digital transaction adoption and expansion are
growing at a rapid pace on a worldwide basis.Today, the introduction of digital transaction methods
has revolutionized the process of acquiring and selling goods and services. Agarwal (2013) highlight
the rapid shift towards digital transactions due to the convenience and accessibility of mobile phones.
This shift has significantly impacted the financial environment and business operations, leading to a
shift in spending habits and reduced reliance on cash (Hair et al., 2015; Rathore, 2016). Due to severe
competition and internet technologies, Kaur et al. (2018) say the conventional market has moved to
digital transactions. Technology is essential to billions of people's lives (Borst and Creehan 2017).
Due to security and trust problems, digital transactions have spread. Businesses must prioritize
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financial information security and handle security concerns to operate. Manufacturers must adapt to
new digital transaction methods and ensure smooth user experiences despite equipment changes and
personnel training (Darmayasa, 2022).Digital transactions have changed business paradigms,
requiring organizations to adapt and generate new value. Payment networks have changed the
competitive environment, compelling governments and regulators to control digital payments,
safeguard consumers, and promote financial inclusion (Kajol et al., 2022). Businesses may enhance
goods, increase customer satisfaction, and find regulatory loopholes by assessing seller and buyer
behavior. Trust, perceived ease of use (PU), and usefulness (PEOU) affect digital transactions. These
characteristics and the technological adoption strategy strongly impact consumer purchase behavior
(Maigari et al., 2023; Bennet, 2024).

3.0 Conceptual Framework

Transaction efficiency and cost are improved by digital methods. Mobile banking and other digital
transactions increased as people became more tech-savvy. PU is a person's perception of how using
an item would increase productivity (Balaji and Vijayakumar, 2018). The usefulness of technology
affects people's intent to use it, which applies to many non-organizational jobs. The relationship
between perceived value and perceived ease of use in information system development is complex
(Jeong and Yoon, 2013). Numerous social factors affect online consumer behaviour (Nandal et al.,
2021). Age, wealth, employment status, and gender are some of the social factors that influence
people's online shopping habits. An object's perceived ease of use (PEOU) is a critical feature. A
group of academics undertook research to assess the effectiveness of digital transaction methods when
compared to cash. Digital transaction methods are becoming more popular, which is good.Davis
(1989) performed a study to investigate the relationship between perceived usefulness (PU),
perceived ease of use (PEOU), and value. According to this research, there is a significant relationship
between an item's perceived usefulness and consumer acceptance. Perceived worth heavily influences
a consumer's decision to make a payment. People regularly use the technological functioning of e-
commerce websites to determine their perceived value. Based on the Technology Adoption Model
(TAM), the UTAUT maodel elucidates how factors such as perceived usefulness, perceived ease of
use, trust complexity, compatibility, and visibility influence technology adoption.

3.1 Perceived Usefullness (PU)

Davis (1989) study defines perceived usefulness as an individual's belief that a technology will
enhance performance or achieve desired results, while Rogers' (2014) theory equates it to perceived
relative advantage. Luarn and Lin's (2005) study, "Toward an understanding of the behavioral desire
to use mobile banking," provides evidence that an individual's decision to use a service is significantly
influenced by its perceived usefulness. Leong et al. (2011) performed a study to evaluate the impact
of perceived usefulness on people's decisions to embrace and use mobile banking. Perceived value
refers to a consumer's view of the benefits of using a new technology over an older one. Venkatesh
et al. (2003) investigated performance expectations, with a focus on the idea of perceived usefulness.
The perceived value of Taiwan's payment system significantly influenced the views of both users and
non-users (Hung et al., 2006). We formulate the following hypotheses based on the discussion above:

Hi: Perceived usefulness has a significant and positive effect on behavioral intention.

H>: Perceived usefulness has a significant and positive effect on consumer buying behavior.

3.2 Perceived Ease of Use (PEOU):

Davis (1989), perceived ease of use refers to an individual's belief that a certain piece of technology
would be simple to grasp and use. Rogers (2014), assessing perceived ease of use is diametrically
opposed to assessing perceived complexity in the context of idea dissemination. Venkatesh et al.
(2003) evaluate the likelihood of expending effort, with perceived ease of use serving as one
predictor. People's perception of a technology's complexity determines its adoption rate. The
likelihood of someone implementing and employing a technology is directly proportional to the
amount of effort required to embrace it, decreasing the perceived ease of use. Gu et al.'s (2009)
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research, perceived ease of use is a significant factor influencing people's inclinations to use mobile
banking. The likelihood that a person will use electronic payments is heavily influenced by their
assessment of its ease of use (Luarn & Lin, 2005). Taylor and Todd (1995) demonstrated that people's
perception of an item's ease of use directly influences their willingness to utilize it. Jeong and Yoon
(2013), people who used digital transaction services were most concerned with the perceived ease of
use. We frame the following hypotheses based on the previous discussion:

Haz: Perceived ease of use has a significant and positive effect on behavioral intention.

3.3 Trust:

The perceived credibility, dependability, and honesty of the speaker influence the amount of
interpersonal trust in digital transactions (Giffin, 1967). Sheppard and Sherman (1998) describe
trustworthiness as honesty, compassion, and care. These attributes establish a significant dependency
between two people, since they are concerned about the negative consequences of dishonesty,
deception, mistreatment, and neglect. Numerous fields, such as organizational psychology, education,
strategic management, personal ties, and commercial partnerships, have extensively studied trust. The
shape and amount of trust vary depending on the circumstances. Bhattacharya et al. (1988) found that
people with clear goals and expectations are more likely to develop partnerships. The desire to engage
in the relationship develops as trust grows, providing a sense of security. Trust is critical in the early
stages of a relationship since it significantly impacts the chance of commitment (Simpson, 2007). In
India, the change to digital transactions needs a higher focus on trust, while money is still the major
payment mechanism. Digital transactions improve the online purchasing experience and earn a
competitive advantage through trust. Consumer retention necessitates building consumer trust. In
digital transactions, trust is very vital in relationship marketing (Rizan et al., 2014).According to Lin
(2011), knowledge-based trust, which includes perceived skill, compassion, and honesty, increases
the likelihood that people will embrace or use mobile banking. Luarn and Lin (2005) assert that
people’s sense of trustworthiness positively influences their intentions to act. Perceived
trustworthiness is the degree to which an individual believes digital transactions are safe and do not
pose a significant privacy risk. Numerous studies have found a strong link between trust and people's
views toward online banking (Al-Somali et al., 2009) and mobile payments in virtual social networks
(Liébana-Cabanillas et al., 2014). The study by Lee et al. (2013) explores trust-related factors
influencing consumers' electronic payment intentions, highlighting that trust mitigates perceived risk
in online banking, reducing the likelihood of negative usage. Consequently, they view trust as a
crucial element in the adoption of digital transactions. We formulate the following hypotheses based
on the discussion above:

Ha: Trust has a significant and positive effect on behavioral intention.

Hs: Trust has a significant and positive effect on consumer buying behavior.

3.4 Behavioural Intention and Consumer Buying Behaviour:

The term "behavioral intention” (BI) refers to the consumer's willingness to use digital payment
systems in digital transactions. Behavioral intention (BI) assesses an individual's readiness to
participate in a certain activity. A rising number of people choose to shop online and pay using their
mobile devices. We argue that digital transactions are more flexible and convenient (Daggubati,
2024). Lin (2011) discovered a positive relationship between the desire to use or deploy digital
transactions and a favorable attitude toward adoption. Lee et al. (2013) discovered that an individual's
attitude toward technology has a significant impact on their desire to utilize it, which then influences
their decision to accept it. In 2006, Hung et al. looked at the role of perceived usefulness, perceived
ease of use, trust, and behavioral intentions in the rate of adoption of digital transaction systems. They
used both the technology adoption model (TAM) and the theory of planned behavior (TPB). Digital
technology has significantly impacted the purchase process, making digital transactions an important
component of modern shopping. Perceived value, perceived ease of use (PEOU), and trust
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significantly influence consumer buying behavior.

Based on the discussion above, we formulate the following hypothesis:
He: Behavioral intention has a significant and positive effect on consumer buying behavior.Based on
the previously discussed constructs and hypotheses, we propose the following model for the research:

Perceived Usefulness

Perceived Ease of Use

4.0 Research Methodology:

H1

H3

H4

Figure 1: Research Model

Customer Buying

Behavior

{

N

We examined digital transactions and their impact on consumer purchasing behavior using SPSS
software and Partial Least Squares Structural Equation Modeling (PLS-SEM) to determine how

various factors affected major outcomes.

4.1 Demographic Profile

The respondents' gender, age, education, job experience, occupation, and monthly income help
explain how digital transactions affect consumer behavior. As shown in Table 1, most respondents
are male (59.5%), with a balanced female presence (40.5%). Younger folks dominate the age
distribution, indicating tech-savvy consumers. Graduate and post-graduate education suggests a well-
educated population that understands and uses digital transaction platforms. For studying how income
levels affect digital transaction uptake and perception, the sample's income distribution shows

economic variety.

Table 1. Demographic Profile of Respondents

Demographic Profile Frequency(n)=200 %
Gender

Male 119 59.5
Female 81 40.5
Age

21-30 years 73 36.5
31-40 years 55 27.5
41-50 years 46 23
51 and above 26 13
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Education

Graduation 96 48
Post-graduation 77 38.5
Doctoral 27 135
Work experience

0-5 years 57 28.5
6-10 years 48 24
11-20 years 51 25.5
21-30 years 24 12
31 and above years 20 10
Occupation

Business/ Entrepreneur 76 38
Government Employee 62 31
Professional 38 19
Others 24 12
Monthly Income

Less than 50,000 96 48
50,000 - 100,000 42 21
100,000 - 200,000 46 23
200,000 and above 16 8

4.2 Research instruments and Data collection

Following the completion of the pilot study, experts discussed and finalized the questionnaire,
making any necessary linguistic and structural adjustments. We gathered relevant information from
people living in cities and rural areas of Northern India and Delhi, NCR. Conduct an online survey
using the convenience sampling approach. Individuals who used digital transactions in the previous
three months answered the questionnaire. Between April 18th and July 1st, 2024, We gathered the
respondents' responses using a five-point Likert scale. We assigned a five-point Likert scale rating to
each item, with five indicating "strongly agree™ and one indicating "strongly disagree." We manually
distributed 275 questionnaires, of which 215 returned, resulting in a 78% response rate. We ultimately
used 200 of these 215 questionnaires for the study.

5.0 Results

5.1 KMO and Bartlett’s Test

We used the Kaiser-Meyer-Olkin (KMO) measure of sampling adequacy and Bartlett's Test of
Sphericity to ensure the data’s suitability for factor analysis. (Hill, 2011). As shown in Table 2, a
KMO value of 0.888 indicates that the sample size is adequate and the variables share enough
common variance for factor analysis to be appropriate. The Bartlett's Test of Sphericity, with a
significant Chi-Square value (883.071) and a p-value of 0.000, indicates that the variables are
significantly correlated, indicating meaningful constructs.
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Table 2: KMO and Bartlett's Test

KMO and Bartlett's Test
Kaiser-Meyer-Olkin Measure of Sampling | .888

Adequacy.

Bartlett's Test of | Approx. Chi-Square | 883.07

Sphericity 1
df 171
Sig. .000

5.2 Reliability

According to Table 3, the study's results on the effects of trust, perceived ease of use, and perceived
usefulness on behavioral intention and buying behavior are valid. This is shown by the high
Cronbach's alpha and composite reliability for all constructs. All components have AVE values > 0.5,
demonstrating convergent validity because each concept explains a significant amount of item
variance. This ensures survey items appropriately represent their structures. High dependability and
validity indices imply that the study's results on trust, perceived ease of use, and perceived usefulness
on behavioral intention and consumer buying behavior are valid.

Table 3 : Cronbach’s alpha, rho_a, rho_c, AVE

Cronbac Composite Composite Average

Constructs h'salpha reliability (rho_a) reliability variance

(rho_c) extracted
(AVE)

BI 0.821 0.821 0.893 0.736

CBB 0.814 0.815 0.890 0.729

PEOU 0.762 0.763 0.863 0.778

PU 0.847 0.849 0.897 0.785

T 0.901 0.901 0.921 0.726

5.3 Discriminant Validity

Structural equation modelling and psychometrics use discriminant validity as a tool to distinguish
between different concepts, assess if they are real or just shared traits, and determine if strong
relationships exist between them.

5.4 Heterotrait- Monotrait Ratio (HTMT):

The HTMT values indicate whether the constructions are distinct. Table 4 shows that in this study,
HTMT values are below 0.90, indicating high discriminant validity. Other components, such as
behavior intention (BI), have HTMT values below 0.90 (CBB: 0.824, PEOU: 0.732, PU: 0.847, T:
0.801). Table 4 proves discriminant validity by distinguishing Bl from CBB, PEOU, PU, and T.
Consumer Buying Behavior (CBB) has HTMT values below 0.90, distinguishing it from PEOU, PU,
and T. PEOU and PU have an HTMT value of 0.863. Though higher than other values, it is below
0.90, indicating appropriate discriminant validity. The HTMT value between PEOU and T is 0.897,
close to the threshold. PEOU and T are separate, although there may be overlap that needs additional
study. The HTMT score between perceived usefulness (PU) and trust (T) is 0.815, showing their
distinction.

The HTMT results show that this study's constructs—behavioral intention (BI), consumer buying
behavior (CBB), perceived ease of use (PEOU), perceived usefulness (PU), and trust (T)—are
different. This improves research construct validity. Good discriminant validity means the model can
reliably quantify the effects of trust, perceived ease of use, and perceived usefulness on behavioral
intention and consumer buying behavior without overlap.
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Table 4 : Heterotrait-Monotrait Ratio (HTMT)
Heterotrait-monotrait ratio (HTMT) - Matrix

Bl CBB PEOU PU T
Bl
CBB 1.041
PEOU 0.994 1.026
PU 1.021 0.992 1.070
T 1.012 0.983 1.027 1.011 -

5.5 Fornell-Larcker Criterion:

Table 5 reveals strong discriminant validity between trust and behavioral intention, with the Bl square
root of AVE at 0.871 and the Bl most correlated with trust at 0.858. However, a correlation of 0.791
(T) < 0.858 suggests potential discriminant validity concerns. In Table 5, the Fornell-Larcker criteria
confirm the discriminant validity of the study's components, except for the small overlap between
trust and behavioral intention. The findings confirm that behavioral intention, consumer buying
behavior, perceived ease of use, and perceived usefulness are distinct entities, improving their
dependability.
Table 5 : Fornell-Larcker criterion

Bl CBB PEOU PU T
Bl 0.871
CBB 0.814 0.854
PEOU 0.824 0.808 0.860
PU 0.855 0.825 0.823 0.886
T 0.858 0.843 0.852 0.828 0.791

5.6 Total Variance Explained

Table 6 employs principal component analysis (PCA) to analyze and validate factors influencing
constructs like trust, perceived ease of use, perceived usefulness, behavioral intention, and consumer
buying behavior. PCA simplifies analysis by identifying key characteristics and dispersing variation
across components. The study confirms the hypothesis that trust, perceived ease of use, and perceived
usefulness have an impact on behavioral intention and consumer buying behavior.
Table 6 : Total Variance Explained
Total Variance Explained
Extraction  Sums  of Rotation Sums of Squared

Initial Eigenvalues Squared Loadings Loadings
% of % of % of
Compone Tota Varianc Cumulati Tota Varianc Cumulati Tota Varianc Cumulati
nt I e ve % I e ve % | e ve %
1 5.76 30.327 30.327 5.76 30.327 30.327 2.67 14.083 14.083
2 2 6
2 1.19 6.309  36.636 1.19 6.309  36.636 2.60 13.710 27.793
9 9 5
3 1.14 6.003  42.639 1.14 6.003  42.639 215 11.352 39.145
1 1 7
4 1.05 5525  48.165 1.05 5525  48.165 1.71 9.020  48.165
0 0 4

Extraction Method: Principal Component Analysis.
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5.7 Factor Loading

Factor loadings establish correlations between latent variables (factors) and observable variables
(items). Table 7 indicates how well an object portrays a given aspect. High-loading items are reliable
indicators of their components. The table lists BI, CBB, PEOU, PU, and T (trust) components. BI1,
B12, and BI3 have high loadings (0.862, 0.862, and 0.850) and are reliable markers of behavioral
intention. These indicators consistently indicate that respondents want to use digital transactions.
CBB1, CBB2, and CBB3 exhibit strong loadings (0.887, 0.832, and 0.841), showing they accurately
capture consumer buying behavior in digital transactions. PEOU1, PEOU2, and PEOU3 have
loadings of 0.840, 0.813, and 0.817. These ratings indicate that the items accurately portray simplicity
of use, highlighting their relevance in shaping behavioral intention and purchase behavior. PU1, PU2,
PU3, and PU4 have loadings of 0.811, 0.835, 0.846, and 0.820. This implies that perceived utility is
critical, as these things effectively reflect how beneficial digital transactions are to people. ltems T1—
T7 had loadings between 0.757 and 0.803, indicating a good trust assessment. Trust has an impact on
digital transaction acceptability and participation. Trust significantly influences the behavior and
intentions of their consumers.

Table 7 : Factor Loading

Factor Loading

Items Bl CBB PEOU PU T
BIl 0.862

BI2 0.862

BI3 0.850

CBB1 0.887

CBB2 0.832

CBB3 0.841

PEOU1 0.840

PEOU2 0.813

PEOU3 0.817

PU1 0.811

PU2 0.835

PU3 0.846

PU4 0.820

T1 0.802
T2 0.803
T3 0.795
T4 0.757
T5 0.790
T6 0.798
T7 0.795

5.8 Correlations

Table 8 indicates a strong correlation between behavioral intention (BI) and consumer buying
behavior, suggesting that digital transaction enthusiasts will buy more of them. Using behavioral
intention (BI) is positively associated with perceived ease of use. People are more likely to use digital
transactions if they think they're simple. Perceived usefulness strongly correlates with behavioral
intention. Trust establishes the best link, demonstrating its importance in driving digital transaction
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participation. The strong correlation with behavioral intention (BI) indicates that ease of use
influences behavioral intentions. According to CBB, user-friendliness influences consumer purchase
behavior. The correlations reveal that all categories affect digital contact behavior, demonstrating
substantial interconnection. Trust influences buying behavior and the motivation to act. This shows
the importance of trust in digital transactions.

Table 8: Correlations

Correlations

Constructs Bl CBB PEOU PU T

Bl 1.000 0.814 0.824 0.855 0.871
CBB 0.814 1.000 0.808 0.825 0.843
PEQOU 0.824 0.808 1.000 0.860 0.852
PU 0.855 0.825 0.860 1.000 0.886
T 0.871 0.843 0.852 0.886 1.000

5.9 Covariances

Table 9 demonstrates that the correlation coefficient between behavioral intention (BI) and itself is
1.000, indicating a perfect relationship. Perceived ease of use strongly correlates with this statistic,
indicating that usability influences the use of digital transactions. Trust's significant association with
behavior and intention emphasizes its role in intention-setting. The covariance between PEOU and
itself is 1.000, indicating a perfect positive relationship. Changes in object convenience often affect
people's planned actions. Consumer buying behavior (CBB) strongly correlates with user friendliness,
indicating that ease of use influences consumer purchase behavior. The covariance between the PU
and itself is 1.000, indicating a perfect relationship. High correlations with behavioral intention (Bl)
imply that perceived value affects people's intentions and all categories significantly depend on digital
purchasing behavior, as indicated by the covariances. avior. Trust influences consumer buying
behavior and motivation to act.

Table 9 : Covariances
Covariances

Constructs Bl CBB PEOU PU T

Bl 1.000 0.814 0.824 0.855 0.871
CBB 0.814 1.000 0.808 0.825 0.843
PEOU 0.824 0.808 1.000 0.860 0.852
PU 0.855 0.825 0.860 1.000 0.886
T 0.871 0.843 0.852 0.886 1.000

5.10 Common Method Bias (Collinearity statistics (VIF)

The VIF measures the degree of multicollinearity that inflates a regression coefficient's variance. As
shown in Table 10, all constructs had VIF values between 1.478 and 2.122, below the standard
threshold of 5. These values indicate that predictors are not strongly associated and do not
significantly increase the variance of predicted regression coefficients. Acceptable VIF values make
regression models more stable and reliable by making sure that correlations between independent and
dependent variables are not multicollinear. We recommend monitoring VIF values for additional
variables or data analysis.
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Table 10 : Collinearity statistics (VIF)

Collinearity Statistics (VIF)

ltems VIF

BIl1 1.845
BI2 1.877
BI3 1.790
CBB1 2.122
CBB2 1.641
CBB3 1.833
PEOU1 1.629
PEOU?2 1.478
PEOU3 1.553
PU1 1.881
PU2 2.038
PU3 2.032
PU4 1.860
T1 2.114
T2 2.122
T3 2.070
T4 1.872
T5 2.043
T6 2.062
T7 2.019

5.11 R-square

The R-square (R?) quantifies the amount of variation in the dependent variable that is predicted from
the independent variables. A score of 0 implies no explanatory power, whereas 1 represents full
power. The adjusted R-square takes into account the model predictors. It is especially useful in
multiple regressions because it compares models with a wider range of predictors more accurately.
In Table 11, trust, perceived ease of use, and perceived usefulness explain 79.8% of behavioral
intention variation, according to the R-square value of 0.798. Bl's adjusted R-square is 0.795,
somewhat lower than the R-square due to the model's predictors. This indicates that the model is well-
fitted, and the explanatory factors predict Bl well. Trust, perceived ease of use, and perceived
usefulness explain 75.1% of consumer buying behavior variation (R-square = 0.751). After correcting
for predictors, CBB's adjusted R-square is 0.747, somewhat lower than the R-square. This suggests
that independent factors strongly predict CBB. The strong R-square values for both Bl and CBB
indicate that trust, perceived ease of use, and perceived usefulness explain much of the variance in
the dependent variables. This means that these elements are critical to consumer behavior in digital
transactions. We fit the model because the differences between the R-square and adjusted R-square
values are minimal. This supports the model's robustness and generalizability.

Table 11 : R-square

Constructs R-square R-square adjusted
BI 0.798 0.795
CBB 0.751 0.747
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5.12 f-square

The f-square (f2) statistic helps to determine how a variable affects the endogenous construct.
According to Cohen (1988), f2 values of 0.02, 0.15, and 0.35 indicate modest, medium, and large
impacts, respectively. In Table 12, the BI-CBB relationship (f2 = 0.046) suggests a minimal impact
of behavioral intention on consumer buying behavior. It's important, but not the main cause of CBB.
A minor effect size (f2 = 0.038) indicates that perceived ease of use has a minimal impact on
behavioral intention. It means that PEOU is essential, but other factors also affect Bl. Perceived
usefulness has a moderate impact on behavioral intention (f2 = 0.075), indicating a small to medium
effect size. It shows how PU influences consumers' digital transaction inclinations. A moderate to
medium effect size (f2 = 0.055) suggests that perceived usefulness has a minor impact on consumer
buying behavior. PU influences consumers' digital transactions. Trust significantly affects behavioral
intention (f2 = 0.187), indicating a medium-to-high effect size. Consumers' digital transaction
intentions depend on trust. T -> CBB (f2 = 0.107): Trust significantly affects consumer buying
behavior with a modest to medium effect size. Trust affects consumers' buying habits.
The f-square values illustrate how each component affects Bl and CBB. This helps prioritize digital
transaction platform improvements. This supports the theoretical framework and has practical
implications for organizations seeking to increase consumer involvement with digital transactions.

Table 12: f-square

Constructs f-square
Bl -> CBB 0.046
PEOU -> BI 0.038
PU -> Bl 0.075
PU -> CBB 0.055
T ->BI 0.187
T->CBB 0.107
5.13 Model fit

SRMR measures the difference between model predictions and observed correlations. We consider
an absolute fit value of 0.08 to be satisfactory. The saturated and estimated models had SRMR values
of 0.052. As shown in Table 13, the predicted model fits the data well, with an SRMR of 0.052. This
implies that the model properly depicts trust, perceived ease, usefulness, behavioral intention, and
consumer buying behavior. The d_ULS model measures the disagreement of the Unweighted least
squares (ULS). Fitting lower values is better. Both models have low d_ULS values, indicating a strong
fit. The saturated and estimated models differ little, suggesting the estimated model is closest to the
ideal fit. d_G measures the discrepancy in the geodesic distance model. Like d ULS, smaller numbers
suggest a better fit. Both models have low d_G values, indicating a good fit. The estimated model's
value is close to the saturated model, suggesting it represents the data well. To assess model fit, the
Chi-square test compares the observed and model-implied covariance matrices. Lower Chi-square
values per degree of freedom suggest a better fit. Low Chi-square values indicate a good match. The
estimated model's Chi-square value is somewhat higher than the saturated model's, but the difference
is small, indicating a satisfactory model fit. The NFI calculates the proportional fit improvement from
null to recommended models. Fit is best with values closer to 1. Both models had NFI values over
0.80, suggesting a strong fit. Given the minimal discrepancy between the saturated and estimated
models, it appears that the estimated model reflects the data structure. The model fit statistics show
that the research paper's hypothesized model fits the data well. The SRMR, d_ULS, d_G, Chi-square,
and NFI results indicate that the model properly depicts trust, perceived ease of use, perceived
usefulness, behavioral intention, and consumer buying behavior. This validates the hypothesized
linkages and the study's theoretical framework. This research's credible findings and conclusions,
based on a good model fit, can aid in understanding the impact of digital transactions on consumer
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purchasing behavior.

Table 13: Model fit

Values Saturated model Estimated model
SRMR 0.052 0.052

d ULS 0.566 0.573

d G 0.445 0.451
Chi-square 470.943 474.769

NFI 0.843 0.842

5.14 Hypothesis Results

Table 14 shows the hypothesis results. Behavioral intention (BI) should improve consumer buying
behavior (CBB). The path coefficient (O) of 0.234 implies a moderately positive association. A T
statistic of 2.643, larger than the threshold value of 1.96 for a two-tailed test, and a p value of 0.008
(less than 0.05) imply this link is statistically significant. We support the premise that Bl enhances
CBB. This concept suggests that PEOU improves behavioral intention. The 0.186 path coefficient
(O) indicates a moderately positive effect. This impact is statistically significant, as evidenced by the
T statistic of 2.730 and the p value of 0.006. PEOU has a positive impact on BI, supporting the idea.
Perceived usefulness (PU) could increase behavioral intention (BI). A path coefficient (O) of 0.295
suggests a significant positive association. The T statistic of 3.365 and the p value of 0.001 indicate
strong significance. Therefore, it is clear that PU favorably affects BI. This theory suggests that
perceived usefulness (PU) boosts consumer buying behavior. The path coefficient (O) of 0.271 is
quite positive. This link is statistically significant, with a T statistic of 3.233 and a p value of 0.001.
We support the notion that PU enhances CBB. This hypothesis states that trust (T) increases
behavioral intention. The path coefficient (O) of 0.452 suggests a significant positive association. The
T statistic of 5.398 and the p value of 0.000 suggest substantial statistical significance. Trust has a
significant and positive impact on Bl, supporting the idea.

Table 14: Mean, STDEV, T values, p values

Mean, STDEV, T values, p values

Hypothe | Original | Sample mean | Standard deviation | T statistics | P
Sis sample (M) (STDEV) (|OISTDEV|) values

(©)
BI ->]0.234 0.227 0.089 2.643 0.008
CBB
PEOU - | 0.186 0.189 0.068 2.730 0.006
> Bl
PU->BI | 0.295 0.291 0.088 3.365 0.001
PU ->]0.271 0.274 0.084 3.233 0.001
CBB
T->BI |0.452 0.452 0.084 5.398 0.000
T -> | 0.400 0.403 0.087 4.593 0.000
CBB

This hypothesis states that trust (T) improves consumer buying behavior. The path coefficient (O) of
0.400 indicates a high positive impact. This link is statistically significant because it has a T statistic
of 4.593 and a p value of 0.000. Therefore, there is strong support for the influence of trust on CBB.
This study found strong correlations between trust, perceived ease of use, usefulness, behavioral
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intention, and consumer buying behavior. All hypotheses have statistically significant T values and
low p values, indicating robust and meaningful correlations. These findings highlight the importance
of trust, convenience of use, and perceived utility in driving consumer intentions and buying
behaviors in digital transactions.

Perceived Usefulness I
T
"

001 T oo

00 | _—| .00

rost

Perceived Ease of Use . Behavioral Intention 008 Customer Buying
) Behavior

Trust, PEOU, and PU impact consumer buying behavior (CBB) and behavioral intention (Bl),
according to "Digital Transactions and Their Influence on Consumer Purchasing Behavior: An
Empirical Analysis." Marketers, legislators, e-commerce platforms, and consumers will benefit from
this empirical study. Trust had a significant impact on buying behavior and urges to act. Thus,
marketers understand the importance of consumer trust. Digital trading platforms, cutting-edge
encryption, and security upgrades are excellent ways to protect consumer data. Clear privacy, data
usage, and security policies may boost consumers' trust in transaction security. Consumer feedback,
endorsements, and assistance can foster brand trust. CSR may increase a brand's reputation. E-
commerce platforms must create trust to attract and retain consumers. We must use rigorous
authentication methods to prevent fraud and ensure only valid transactions. When consumer service
agents can rapidly fix issues, consumers feel more comfortable and assured. Tight online transaction
security and regulatory compliance can increase consumer trust (Bauman and Bachmann, 2017). We
should enhance consumer protection laws to shield consumers from fraudulent activities and
unauthorized access to their personal data, while also offering them legal redress. This association
between perceived ease of use, behavioral intention, and consumer buying behavior emphasizes the
necessity for user-friendly and transparent systems (Kasuma et al., 2020). To improve usability, e-
commerce systems should consider: We should regularly update the user interface (Ul) based on
consumer input to satisfy their demands. Reducing the number of stages in the checkout process
would lessen the risk of consumers abandoning their carts. Usability improves purchasing
experiences. Simplifying processes boosts user engagement and loyalty. Easy-to-use websites attract
consumers. The high influence of perceived usefulness on consumer purchase behavior and
behavioral intention suggests that individuals appreciate product functionality and usability
(Hasbullah et al., 2016).Digital transaction methods may improve shopping experiences,
convenience, and speed; therefore, marketers must properly communicate their benefits. To meet
changing consumer needs, constantly update the platform (Susiang et al., 2023). E-commerce
websites should offer loyalty programs, personalized recommendations, and seamless integration
with other digital tools to improve platform performance. To maximize tool performance and
reliability, continuously evaluate and improve efficiency. Consumers appreciate shopping on
beneficial websites because they offer realistic solutions that fit their needs. This could boost their
happiness and sales. Understanding behavioral intention is essential to predicting and changing
consumer buying behavior. Marketers should target ads that emphasize utility, usability, and
trustworthiness, which influence consumer choices. Engage consumers with personalized messaging
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and offers based on their interests and spending habits (Daoud et al., 2023).With predictive analytics,
you can predict your customers' preferences and customize their buying experience. Enhance the
characteristics that encourage individuals to repeat actions in order to strategically retain customers.
Tax advantages or subsidies may encourage digital payment system usage (Tahat et al., 2023).
Implement educational activities to increase public awareness of the benefits and security of digital
interaction. The report fully explains consumer internet-buying behavior. Perceived usefulness,
perceived ease of use, and trust can all assist stakeholders in improving digital transactions. This will
boost consumer engagement and satisfaction. The insights can inform consumer relationship
management, product development, and marketing strategy decisions (Ahmed et al.,
2024).Emphasizing key inquiry components can improve the consumer experience. This will ensure
long-term success and consumer loyalty. The study lays the groundwork for future research on
technology, social influence, and cultural differences' effects on digital transaction behavior. This
study informs politicians, e-commerce platforms, consumers, and marketers, making it influential.
Stakeholders can enhance digital transactions and the digital economy by understanding how trust,
perceived ease of use, and perceived value affect purchase decisions and behaviors.

7.0 Limitations and Scope of Future Research

The sample size was sufficient for the study, but it may not exactly represent the population. The
sample's age, gender, income, and education may restrict generalizability. A future study should use
larger, more diverse participant groups to improve external validity. The research was restricted to
one part of the country; therefore, its findings may not apply to other places with different economic,
technical, and cultural conditions. Comparative research in different countries may help us understand
how digital transactions affect consumer purchasing behavior. This study collects data over a certain
period using cross-sectional methods. This design makes it harder to detect changes in causation and
consumer behavior. For tracking behavioral changes and demonstrating direct links between
components, longitudinal studies are essential. We may better understand digital transaction behavior
by including perceived risk, social impact, technical innovation, and consumer personality features
in the study framework. The interplay between these elements and current systems may yield new
insights. Future academic research should examine how digital platforms and technology affect
human behavior. User experience disparities between mobile apps, the web, and emerging
technologies like virtual reality and voice assistants might reveal consumer preferences and behavior
(Skoulikas, 2024). Live messaging and consumer assistance can provide instant feedback on
consumer thoughts and habits. A future study may examine how consumer input affects behavior
using real-time data. Banking, retail, and healthcare case studies can shed light on digital trade trends
and concerns. Industry-specific research can advise businesses in several areas (Adeleye et al., 2024).
Consumer education and awareness campaigns' effects on digital transaction platform use and
acceptability can help promote digital literacy. To fully understand digital transaction systems, one
should examine their environmental effects, including digital infrastructure energy consumption, as
well as their influence on individual rights such as data privacy and algorithm fairness.

8.0.Conclusion

Trust predicts consumer purchasing behavior (CBB) and behavioral intention. According to an
empirical study, trust significantly improves behavioral intention (BI), consumer behavior, and
loyalty. The structures studied had the highest path coefficients, Bl at 0.452 and CBB at 0.506. This
emphasizes the importance of consumer trust in digital payment system security, privacy, and
reliability. Trust reduces doubt and anxiety, increasing the likelihood of online purchases (Rao and
Sahani, 2022). While perceived ease of use affects behavioral intention, it has little effect on consumer
buying behavior. The PEOU has a slight direct effect on CBB (0.043) and Bl (0.186), according to
the path coefficients. An effective tool can increase the chance of digital transactions, but it has
minimal influence on purchase habits. In contrast, the secondary effects of behavioral intention (BI)
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focus on user-friendly solutions for consumer interaction. Perceived usefulness influences both
behavioral intention (BI) and consumer buying behavior (CBB). The study indicated that PU
significantly affected Bl (0.295) and CBB (0.339). Thus, consumers are more likely to use digital
platforms for transactions and purchases if they help them achieve their buying goals (Chaudhuri et
al., 2021). Many consumers prioritize convenience, speed, and efficacy in their purchases. Behavioral
intention mediates trust, perceived ease of use, perceived utility, and consumer purchasing behavior.
The 0.234 path coefficient from Bl to CBB shows a strong correlation between digital transaction
desire and purchase. Trust, usability, and helpfulness are critical to influencing people's actions as a
mediator. Digital platform firms and enterprises must create and maintain trust (Rohn et al., 2021).
This aim requires strict data privacy, reliable consumer service, constant performance, and solid
security. To encourage digital transaction services, it is crucial to provide clear security requirements
and guarantee that the platform is free from fraud and security breaches. Developing user-friendly
and intelligible systems is crucial. Speeding transaction processing, enhancing navigability, and
ensuring cross-device compatibility can improve user friendliness. Regular user experience testing
and comment feedback may improve the program's usability (Forward, 2021).Highlighting digital
commerce platforms' benefits and functionalities is crucial. Companies supporting digital transactions
should emphasize efficiency, speed, and simplicity (Lee and Lee, 2020). Personal recommendations,
incentive schemes, and seamless integration with other digital platforms may boost a service's value
and consumer engagement. Proper marketing planning must include these reasons. Campaign
security, direction, and ideas can develop trust.
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